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NMEPIAHWH
‘Eva onuavtikdé 1To000TO TOU TTAYKOOWIoU TTANBUCHoU, etTnpeddeTal atrd Tn
KaTtaBAign. Zupewva pe otoixeia Tou Maykdopiou Opyaviopou Yyeiag wg 1o
2012 utmpxav TouAdxiotov 350 ekatoupUpla AvOPWTTOI TTOU UTTEQEPAV ATTO
KAtrola pop@r katddbAiyng. H Kakr Wuxikn uyeia ouyxvda eTnpeddlel GToPa O€
NAIKIQ Epyaciag, YEYOVOG TTOU €XEl EVTOVEG KOIVWVIKEG ETTITITWOEIS. [1a TNV
agloAoynon tou emTTEdOU KATABAIYNG €vOg aoBevoug ol WuyxoAdyol Kal ol
yuyiaTpol xpnoigotrolouv epwtnuatoAdyia (1r.x Beck Depression Index-Il -

BDI-Il) KaBwg Kal oToIXEia TWV EKPPATEWY TOU TTPOCWITTOU Kal TG PWVAG.

210 TTAQiOI0 QUTAG TNG TITUXIAGKAG N EKTiUNOn Tou €mITEdOU KaTABAIWNG
QVTIMETWTTIOTNKE WG TTPORANUa TTPORAEWNnS Tou PBaBuol KatdBAiwng evog
atépou oTn KAipaka BDI-II xpnoIPoTrolwvTag TEXVIKEG UNXAVIKAG Jadnong yia

TNV AVAYVWPIOT XOPAKTNPIOTIKWY TOU TTPOCWTTOU KAl TG QWVNG.

Mo ouykekpiyéva, Ta video TTou xpnoipoTroinénkav wg dedouéva e106d0U OTO
TAQiolo autrig TG epyaciag TTponABav amd 1o Depression Recognition Sub-
Challenge tou 2014 Audio-Visual Emotion Challenge and Workshop (AVEC
2014). H ekTipnon tou emmédou KaTABAIYWNG €yive pe XpAon HOVTEAWV
moAivopounong SVR  (Support Vector Regressor) paciOpévwy — O€
XOPAKTNPIOTIKA €IKOVAG TIou  €€fixBnoav e  Xprion Tou aAyopiBuou

AAM(Active Appearance Model), kKaBwg Kail TTOIKIAIAG XapaKTNPICTIKWY AXOU.

Ta ammoteAéopaTa £0€IEQV TTWG O CUVOUOOHOG TwV XapakTnploTIKWwV AAMs Kai
nxou, odnynoe oe BeAtiwon TG akpifeiag tng didyvwong TG KatabAiyng
OUYKPITIKA ME TIG TIEPITITWOEIG OTIOU  XPNOIUOTIOIEITAI POVO  pia  TTNyA
TTAnpo@opiag. EmmmAéov utmpge 6% augnon Tng ammdédoong Tou CUCTANATOG
XpnoigotTolwvTag ouvduaopd AAM xapakTnpioTiIKwy pe Ta Baseline LGBP-
TOP XapokTnpIoTIK&, CUYKPITIKA PE TN TTEPITITWON ATTOKAEIOTIKAG XPHoNg Twv
Baseline LGBP-TOP xapaktnpioTikwyv Tou AVEC 2014 Dataset .

OEMATIKH NMEPIOXH: AvadAuon lNoAupeaikou MNepiexouévou

AE=EIX KAEIAIA: Depression, Video Analysis, Audio Analysis



ABSTRACT

A considerable portion of the world population is affected by depression.
According to data from the World Health Organization, until 2012 there were
at least 350 million people living with some form of depression. Mental iliness
often affects people of working age, a fact that has strong social implications
causing significant losses and burdens to the economic system. For the
assessment of Depression level, psychologists and psychiatrists base their
evaluation of a patient’'s condition on questionnaires (e.g. Beck Depression

Index-11 - BDI-IlI) as well as expressive facial and vocal cues.

Within the context of this thesis we aim to predict the depression level of an
individual in the BDI-II scale, utilizing facial and voice features, as well as,

machine learning techniques.

In particular, the videos we used as input data stem from the Depression
Recognition Sub-Challenge of the 2014 Audio-Visual Emotion Challenge and
Workshop (AVEC 2014). The estimation of depression level was performed,
using Support Vector Regressor (SVR) models, based on features extracted

from AAMs (Active Appearance Models) as well as a variety of audio features.

Results indicated that the fusion of AAMs and Audio features leads to better
performance compared to individual modalities. Moreover the performance
was improved by 6% by fusing AAM and LGBP-TOP Features compared to
the performance of Baseline LGBP-TOP features of AVEC 2014.

SUBJECT AREA: Multimedia Content Analysis

KEYWORDS: Depression, Video Analysis, Audio Analysis



