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NEPIAHWH

Ta microRNA egival pia peydAn oudda pikpwyv popiwv RNA TTOU ASiITOUpyOoUvV
WG PUBNIOTIKOI TTapAYoVTEG TNG EKPpaong Twv yovidiwv. O poAog Toug Eival
va puBpuidouv TN oTaBepOTNTA TWV MRNA OTOXWV TOUG OE PETA-PETAYPAPIKO

OTAdI0, KOBWG KAl TRV JETAPPACT QUTWYV O€ TIPWTEIVEG.

H evnuépwon piag Bdong OedOUEVWYV  HPE  TTEIPAMOTIKA  ETTIBERBAIWMEVES
aAAnAemdpaoeig petagu microRNA kai yovidiwv, 6TTwg 10 TarBase, cival yia
xpovoBopa diadikaoia. O oTdX0¢ pag eival va ekTaideuooupe évav aAyopiBuo
€€OpUENG Kelgévou TTou ovouddetal TarMiner, XpnoIOTTOILVTAG BIAQOPA CET
AAANAeTIOPACEWY TTOU OTnpiovTal o€ dia TToikIAia peBodoAoyiwy, £T01 WOTE
va auTodatotroijooupe  Tn Gladikacia avayvwpiong  mlavwy - VEWV
aAANAeIOpacewy. AuTtd Ta ocT dedopEvwy TTpoEpxovTal atrd 1o TarBase, Tn
MeEyaAUTEPn OlaB€oiun  Bdaon Oedopévwyv  yia  OAANAETIOPACEIC  METAEU

microRNA Kal yoviIdiwv.

QoT1600, TTOANEG aTTd TIG KATAYEYPAUUEVEG AAANAETTIOPACEIG TTPOEPXOVTAI ATTO
TNV avdAuon NGS (Next-Generation-Sequencing) dedopévwy, 1) KpuBovTal o€
EIKOVTEG, A€CAVTEG, TIIVAKEG 1 CUPTTANPWUOTIKO  UANIKO  ETTIOTNUOVIKWY
ONMUOOIEUCEWY, OTTOTE OEV MTITOPOUV VA QvAyVWPIOTOUV atrd Mia TETOIO
epappoyn. Eivar Aoitrév uyiotng onuaciog va oxedlaoTouv OUVOAA BETIKWV
KAl apvNTIKWYV TTAPABEIYHATWY, £T01 WOTE VO EKTTAIOEUTEI O OAYOPIOPOG UE
aAANAETIOPACEIC TTOU UTTOPOUV Va avayvwpioBouv HECw TOU KEIPNEVOU, Kal Va

EMTEUXOEI TO KOAUTEPO dUVATO ATTOTEAET Q.

OEMATIKH MNMEPIOXH: BiotrTAnpo®opIkn

AE=EIZ KAEIAIA: microRNA, pdon 0edopévwy, €EOpULn  KEIPEVOU,
EKTTAidEUON aAyopiBuou, autouaToTToiNCN



ABSTRACT

MicroRNAs are a large class of short RNA molecules that act as regulators of
gene expression. Their role is to post-transcriptionally modulate the stability of

MRNA targets and their rate of translation into proteins.

Updating a database with microRNA:gene validated interactions from
scientific publications, such as TarBase, can be a very time-consuming
process. Our aim is to train a text mining algorithm, called TarMiner, by
utilizing different sets of experimentally supported interactions from various
methodologies, in order to automate the process of identifying putative
interactions. These datasets are derived from TarBase, the largest available

repository of microRNA:gene interactions.

However, many of the catalogued interactions are derived from the analysis of
NGS (Next Generation Sequencing) datasets, or are hidden in figures,
captions, tables, or supplementary material of scientific publications, and
cannot be processed by such an implementation. Therefore, it is important to
design sets of positive and negative instances, so as to train the algorithm
with interactions that can be text-mined, in order to achieve the best results

possible.
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